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Abstract
Individuals exploit influence activities for personal gains. This paper shows that tenure-track
assistant professors click more “likes” under the dean’s social media posts than their tenured
colleagues during performance evaluation periods, utilizing a natural experiment in a university
where the dean has substantial personnel discretions. The effect is greater for faculties with
less-competitive publication records, and for more frequent social media users prior to the
evaluation periods. The results remain robust after considering content heterogeneity, social
ties, sample bias, career prospects, and individual-level changes. The findings thus highlight
the strategic use of influence activities through social media for career advancements.
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Flattery is like friendship in show, but not in fruit.
——Socrates

1. Introduction
Influence activities refer to a subordinate’s self-interested efforts to please the decision-maker,
such as buttering up the boss, making tea or coffee, or other personal favors (Milgrom (1988);
Milgrom and Roberts (1988); Jin et al. (2021)). Such manipulating attempts often incur biased
decisions (Prendergast (1999); MacLeod (2003); Inderst, Müller, and Wärneryd (2005)),
counterproductive in-group favoritism (Du, Tang, and Young (2012); Xu (2018)), and thus
prove detrimental to organizations (Meyer, Milgrom, and Roberts (1992); Bandiera, Barankay,
and Rasul (2009)).1 Despite their prevalence and importance, existing literature mainly relies
on indirect methods to study influence activities because of their private, informal nature (Oyer
and Schaefer (2011); Lazear and Oyer (2012)). This paper, however, quantifies influence
activities directly by investigating the interactions in a highly socialized community – the
academia, and examines how faculty members’ career incentives determine their strategic use
of influence activities on a social media platform.
Specifically, we zoom in on the tenure and promotion decisions in an economics
department at a renowned university in China, with a well-established US-style “up-or-out”
tenure system. In the system, assistant professors have six years to deliver satisfactory
performances – primarily in terms of publications – upon being promoted to tenured associate
professor positions. Otherwise, the untenured assistant professors have to leave the university.
In contrast, associate and full professors who have already achieved their tenured positions can
work long-term. As is in many other organizations in China, the dean has significant
discretionary power in the personnel decisions of faculty members (Mohrman, Geng, and Wang
(2011); Jia, Nie, and Xiao (2019)). Each year, the promotion evaluation process in the
university starts in June and finalizes in December. The six-month evaluation period thus
provides strong incentives for individuals with career concerns to exert extra efforts to please
the key decision-maker – the dean, both at work and off work, for instance, on social media.
1

Voluminous theoretical studies (e.g., Milgrom (1988); Milgrom and Roberts (1988, 1992); Meyer, Milgrom, and Roberts
(1992)) and growing experimental studies (e.g., Corgnet et al. (2019); de Janvry et al. (2021)) on influence activities have
highlighted the substantial organizational costs associated with these time-wasting activities.
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For social media interactions, we exploit the “like” function of WeChat Moment
(henceforth WM) to measure influence activities. WM provides a twitter-like social media
service based on WeChat, China's most popular messenger application. WM features unique
characteristics that facilitate influence activities: most colleagues in a Chinese organization are
WM friends to each other, while only mutual friends can see each other’s WM posts due to its
exclusion policy.2 Clicking the “like” button under others’ posts is widely recognized as an
appreciative gesture, thus making it an influence activity for subordinates to butter up their
bosses. 3 Based on career incentives, we hypothesize that assistant professors are more
proactive in like-clicking behaviors to their dean than their tenured colleagues.
To test the hypothesis, we construct a novel dataset covering the dean and his subordinates’
engagement on social media and personnel information from 2019 to 2020. First, we handcollected 287 WM posts published by the dean from January 2019 to November 2020. By
counting whether the department's 57 faculties and 20 administrative staff members click “likes”
on their dean’s posts, we established a unique panel dataset containing 22,099 observations.
Next, we combine this dataset with each faculty member’s information such as academic
positions, demographic characteristics, journal publications, alma mater, and affiliations
obtained from the official website of the department, personal websites, and curricula vitae. To
identify the impacts of career incentives on influence activities, we exploit the standard
difference-in-differences (DID) strategy. Specifically, we choose an exogenous shock of the
tenure-and-promotion evaluation notification email – on June 15th of each year, the Department
sends a mass email to all faculties specifying the start of evaluation of the year – as the main
treatment.
Our baseline results show that assistant professors click more “likes” by 2.4 percentage
points (15.6% increase over the sample mean) than their tenured colleagues after the
notification. The estimates are robust after controlling for a series of covariates and their time
trend and various fixed effects. Furthermore, the effect is greater for faculties with lesscompetitive publication records, either calculated by the number of leading or generic
2

See Online Appendix Figure A2 for detailed information on the access control policy of WM.
It is well-established in psychology literature that social gratification with the recipient is one of the significant motivations
for using feedback functions in social media (Kuss and Griffiths (2011); Kim (2014); Lee, Kim, and Ahn (2014); Chin, Lu,
and Wu (2015); Lee, Hansen, and Lee (2016); Gan (2017); Sumner, Ruge-Jones, and Alcorn (2018)).
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publications. The results are consistent with the conjecture that influence activities and
academic productivity feature substitutability. The effect is also more significant for frequent
social media users prior to the evaluation periods. That is, user habits contribute to the strategic
use of influence activities.
Next, we corroborate our results with five robustness checks. First, we classify the dean’s
WM posts based on the types of content: we show that the increased probability of like-clicking
among assistant professors is limited to work-related and opinion posts instead of personal-life
posts, which is consistent with the career concerns motivation of influence activities. Second,
we show that the baseline results remain robust after considering the social ties between the
dean and the faculties, measured by the physical distance between offices, shared alma mater,
and academic collaborations. Third, we correct our sample with propensity score weighting to
address the imbalance in gender ratio between treatment and control groups: the baseline results
remain robust. Fourth, we show that the excess incentive of like-clicking remains when we reclassify the faculties into full professors and non-full professors – the latter subgroup has room
for further promotions. The results strengthen the study's external validity that the motives of
influence activities apply broadly to environments with career incentives, in addition to tenure
decisions. Finally, we find no increase in like-clicking behaviors in a placebo test based on
administrative staff, who are neither affected by notice for faculties nor under the supervision
of the dean. They thus do not have the incentive to conduct influence activities following the
notification.
Our paper makes four contributions to the literature. First, we contribute directly to the
studies of influence activities. The existing literature has relied on indirect methods to measure
influence activities, such as the presence of political or social connections between the
evaluator and the evaluated (Du, Tang, and Young (2012); Duchin and Sosyura (2013); Glaser,
Lopez-De-Silanes, and Sautner (2013)), organizational structure (Kumar (2013); Cabral, Deng,
and Kumar (2020)), lab experiments (Robin, Rusinowska, and Villeval (2014); Elsinger (2017);
Corgnet et al. (2019)), observations from colleagues (de Janvry et al. (2021)), and surveys
(Kipnis, Schmidt, and Wilkinson (1980); Kipnis and Schmidt (1988); Schriesheim and Hinkin
(1990); Rao, Schmidt, and Murray (1995); Ellis et al. (2002); Westphal and Stern (2006);
4

Westphal and Bednar (2008)).4 In this paper, we present the first set of direct observations and
quantitative analysis of influence activities based on social media interactions, and evaluate
their impacts in academic organizations where performance evaluations are relatively objective
and transparent, thus more robust to measurement errors.
Second, the paper deepens our understanding of connection-building in workplaces. In the
context of academia, existing literature shows that social ties increase the chances of scholars’
success by increasing academic productivity (Azoulay, Zivin, and Wang (2010); Oettl (2012);
Azoulay, Fons-Rosen, and Zivin (2019); Mohnen (2021)), by facilitating publications in
academic journals (Laband and Piette (1994); Medoff (2003); Brogaard, Engelberg, and
Parsons (2014); Colussi (2018); Ductor and Visser (2021)), by getting research grants or funds
(Feinberg and Price (2004); Viner, Powell, and Green (2004); Jang et al. (2017); Zhang et al.
(2020)), by being selected as a member of the academic community (Fisman et al. (2018)), and
by making better choices in applications (Bagues, Sylos-Labini, and Zinovyeva (2019)).
However, most existing researches emphasize connection-building based on pre-determined
traits such as families, schools, hometowns, and ethnicities. This paper, instead, echoes a few
recent studies (e.g., Jin et al. (2021)) and validates the active connection-building efforts in
influence activities to bridge connections for personal benefits.
Third, we add to the internal promotion evaluation literature by showing that informal
interactions play an important role in addition to formal evaluations (Lin and Kwantes (2015)),
and speak to the burgeoning literature on non-performance-based hiring, such as patronagebased hiring (Xu (2018); Ornaghi (2019); Colonnelli, Prem, and Teso (2020)); connectionbased selection (Wang (2016); Fisman et al. (2018); Voth and Xu (2020)); and corruption-based
hiring (Shleifer (2004); Sukhtankar and Vaishnav (2015); Muralidharan (2016)). Furthermore,
we complement the peer effect on the choice of productivity. While most of the existing
literature evaluates the productivity gains or losses with social activities at work (Cohn et al.
(2014); Ashraf and Bandiera (2018); Breza, Kaur, and Shamdasani (2018); Della Vigna et al.

4

While only a few studies have adopted the survey method in the research of influence activities (de Janvry et al. (2021)),
studies covering closely related but broader concepts, such as upward influence tactics (Kipnis, Schmidt, and Wilkinson (1980);
Kipnis and Schmidt (1988); Schriesheim and Hinkin (1990)), impression management (Rao, Schmidt, and Murray (1995);
Ellis et al. (2002)), and ingratiation (Westphal and Stern (2006); Westphal and Bednar (2008)) have widely used survey method
as their primary empirical method.
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(2022)), we focus on the shift of efforts from the productive to the unproductive influence
activities. Especially regarding academia, we add to Checchi, de Fraja, and Verzillo (2020) by
showing that faculties with less-competitive publications exert more effort on influence
activities instead of being discouraged by the competitive disadvantages. This provides
evidence that efforts in on-the-job performance – publications, and those in off-the-job
activities serve as substitutes. In this regard, our results also form an interesting comparison
with the political selection literature, e.g., Jia, Kudamatsu, and Seim (2015), who found
capabilities and connections can be complements.
Finally, our paper reveals a novel channel on how social media in the workplace affects
organizational operation. Existing literature regarding social media in the workplace primarily
focused on its impact on employee productivity (Turban, Bolloju, and Liang (2011);
Leftheriotis and Giannakos (2014); Ali-Hassan, Nevo, and Wade (2015); Rosen and Samuel
(2015); Moqbel and Kock (2018)). Beyond this concern, our paper suggests that social media
in workplaces may serve as a platform for influence activities driven by career advancement
motivations, echoing Rutledge (2008) and Peluchette, Karl, and Fertig (2013). Since influence
activities may distort personnel arrangements in organizations, the negative impacts of social
media on productivity may be underestimated.
The rest of the paper is organized as follows. In Section 2, we provide the background
hypothesis. In Section 3, we introduce our data. Section 4 presents the empirical strategy and
the results. Section 5 offers five robustness checks. And Section 6 concludes the paper.

2. Background
The background consists of three parts. In the first two parts, we introduce the academic system
in China, and its practice in the university that we focus on. Next, we briefly introduce the
social network service of interest (WeChat and WeChat Moment) and establish our hypotheses
for influence activities through social media in academia.

6

2.1 Academic System in China
Since the late 20th century, the Chinese government initiated a series of reforms in its academic
recruitment system, to transform university faculty hiring from the traditional “permanent at
hire (iron rice bowl)” to a more competitive, performance-based tenure system.5 Similar to the
U.S. counterpart, fresh Ph.D. graduates are hired as assistant professors in the tenure system,
who then go through six years of probation with a midterm evaluation in the second or the third
year.6 Upon passing the evaluations at the end of the probation, they are granted tenure and are
promoted to associate professors. Otherwise, an “up-or-out” rule applies, and they should leave
the university. Meanwhile, associate professors may undergo additional screening to be
promoted to full professors.7
Chinese universities feature more centralized control than Western sister institutions that
rely on external and peer evaluation. In the process, the dean, who usually takes charge of
administrative works in the department as well as academic research and teaching (Yang
(2015)), is granted significant discretionary power. In particular, the dean plays a central role
in the appointments and promotions of professors, as suggested by Jia, Nie, and Xiao (2019):
the recruitment and tenure committees are typically chaired by the college or school dean, who
also serves on the university-level promotion committees (Mohrman, Geng, and Wang (2011)).
Besides, the dean has the authority to recommend scholars to subsidies, awards, and grants
provided by the central and the local governments, which are often pre-requisites of a
successful promotion case. Thus, support from the dean is essential for researchers in pursuit
of promotions.

2.2 Faculty Evaluations in the University of Interest
The University of our interest (“the university”, hereafter) is among the first universities that
adopted the US-style recruitment system. Within the university, we focus on the practice in the
economics department (“the department”, hereafter), where the tenure system is well-

5

See Mohrman, Geng, and Wang (2011) for more information regarding the reform in the Chinese education system.
One does not have to spend all six years. Instead, a tenure-track assistant professor may seek for tenure-and-promotion at
any point throughout the probationary period.
7
See Zheng, Liu, and Xing (2020) for more information about the tenure system in Chinese universities.
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established, compared to other departments in the university or other universities. Moreover,
due to the features of WeChat Moment elaborated in the next section, we restrict our attention
solely to the economics department. Figure 1 summarizes the detailed tenure-and-promotion
review process of the department. In short, the process takes the following steps. First, a
notification email is sent out on June 15th each year to announce the start of the process, and
the applicants register as candidates before mid-July. The campus committee, consisting of the
dean of the department, the head of the school, and the provost, jointly make the final personnel
decision on December 1st, roughly six months after the notification email. In the absence of
external reviews from prominent scholars in the field, the dean plays a crucial role in both the
review committee and the final decision. Furthermore, the six-month gap between the start and
the end of the reviewing process offers plenty of room for decision-nudging, both in terms of
in-person communications and social media interactions.

[Insert Figure 1 about here]

2.3 WeChat and WeChat Moment
WeChat is the most widely used social network application in China, with monthly active users
of 1.15 billion (Liu et al. (2015)). WeChat Moment (WM henceforth) is an auxiliary twitterlike function built within WeChat, where users can upload photos, thoughts, and web links.
Most WeChat users – and thus most employees – also use WM. Therefore, when one adds
his/her coworkers and supervisors at work on WeChat, their WM posts are mutually observable.
This distinguishes WM from other social media in which people do not add their coworkers or
bosses as frequently to separate private life from work (Smith and Kidder (2010); Jamieson
(2011); Peluchette, Karl, and Fertig (2013); Rothbard et al. (2022)).8 Thus, WM becomes a
convenient platform for influence activities that provides frequent but intimate social
interactions. Meanwhile, the close intimacy restricts the study of influence activities to those
within a department since colleagues from other departments may not be mutual friends on
WeChat.
8

See Online Appendix A to see how to access WM in WeChat and how the feedback system in WM works.
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The most widely used social interaction on WM is to click the “like” button on others’
posts to show appreciation. The seemingly simple button-based feedback in social media can
be caused by various social-psychological antecedents (Chin, Lu, and Wu (2015); Shao and
Kwon (2019)), including social support, status-seeking, and networking intentions (Hayes, Carr,
and Wohn (2016); Sumner, Ruge-Jones, and Alcorn (2018)). For instance, users may
intentionally increase the frequency of “liking” behavior for socialization purposes (Kim
(2014); Lee, Kim, and Ahn (2014)). 9 Speaking to academia, the strong career incentives
combined with the substantial discretionary power of the dean thus encourage the assistant
professors to please their bosses. In the context of WM interactions, we thus hypothesize that:
assistant professors have a higher tendency to click likes to a WM post from the dean, than
their tenured colleagues.
Moreover, the multiple approaches for faculties to earn the dean’s appreciation are
substitutive to each other, where capable individuals tend to weigh in dimensions that can signal
their capacity more effectively in such multitask environments (Holmstrom and Milgrom
(1991)). In particular, productive researchers with more publications have more solid
validations of their research capacity, and thus are less likely to involve in influence activities.
We consequently hypothesize that: faculties with less competitive publication records tend to
click more likes on dean’s social media posts.
Lastly, the involvement of influence activities may feature path dependence: individuals
tend to use their preferred and familiar approach to connect to their boss more efficiently.
Therefore the user habits of social tools may shape the strategies in influence activities. In the
context of like-clicking behavior, we further hypothesize that: the excess like-clicking is more
substantial for more frequent users of like-click functions prior to the evaluation periods, in
that the usage of WM for influence activity depends on prior engagement.

9

Gan (2017) investigated the like-clicking behaviors of WeChat users in China. It classified the motivations of “likes” into
three. It found that social utility, hedonic utility (enjoyment), and functional utility (information seeking) are statistically
significant and positively related to users’ “like” behavior. For a survey of findings in psychology across different cultures and
platforms, see Shao and Kwon (2019).
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3. Data
We obtain our data from the economics department of the university. The dataset covers 77
faculty and staff, including 57 faculty members (83.8% of the entire faculty) for our main
analysis and 20 administrative staffs (44.4% of the entire staff team) for placebo tests, who
accepted WeChat friend requests from our informant sent to the whole faculty and staff
members.10 Our sample period covers the social media interactions from January 4th, 2019, to
November 21st, 2020, which mark the first and the last date of the WM posts updated by the
dean in 2019 and 2020, respectively.

3.1 Dependent Variable: Social Media Interactions
Our dependent variable is whether a particular faculty or staff clicks the “like” button for a
specific WM post from the dean. We construct the measure as follows. First, we make an
archive of the dean’s WM posts and the “likes” under these posts from the subordinates in our
sample. The archive contains 287 posts uploaded by the dean during the sample period, with
3,011 “likes” under the dean’s WM posts, by the 77 faculty and staff members in the sample.
We construct the measure as the vector of faculty and staff identities and the like-clicking
behavior on specific posts, with 22,099 observations, as our dependent variable. The average
possibility of like-clicking for a WM post is 13.6% across the entire sample, and 16.5% when
focusing only on faculty members.
Meanwhile, the faculty and staff’s possibility of like-clicking develops differently along
the evaluation cycle. Figure 2 illustrates the average possibility of clicking “likes” each month.
Two distinctive features stand out. First, the average possibility to click “likes” of faculty
members is greater than that of administrative staffs throughout the year. Second, the figure
shows a sudden surge of faculty’s like-clicking possibility after June when the tenure-andpromotion evaluation starts: from a monthly average of 14.8% to 17.8%. However, there is no
such trend or pattern in the administrative staff’s monthly average following the performance

10

To minimize sample selection bias or behavioral changes from this process, the information provider did not hint at our
specific research question or that their social media interaction with the dean would be monitored. We do not reveal the
identities or other information used to specify faculties in our sample for privacy protection. For the same reason, we refrain
from revealing the informant's identities who provided us with the social media interaction data.
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appraisal. The evidence suggests two clues: the subordinates under the direct supervision of
the dean may use the “like” function more proactively to please their boss; and the inception
of the evaluation may have contributed to the sudden increase in like-clicking behavior.

[Insert Figure 2 about here]

3.2 Independent Variables: Treatment Intensities
Focusing on the career concerns across faculty members triggered by tenure-and-promotion
evaluation, we construct a measure of treatment intensity based on faculty members’ academic
positions. Particularly, we employ a binary measure based on whether to have tenure. Since the
performance review mainly matters to assistant professors due to the up-or-out tenure system,
comparing the responses of assistant professors (“treated”) and tenured professors
(“controlled”) after receiving the email captures the influence of notification. Therefore, we
use whether a faculty holds a tenure-track assistant professor position at the time of the email
as a proxy of notification influence, and conduct a difference-in-differences analysis. In our
sample, 18 out of 57 faculties are assigned to the treated group, and the rest to the control group.
Among the faculties in our sample, three assistant professors and one associate professor have
been promoted to the next rank on the academic ladder, and one full professor retired during
the sample period.

3.3 Control Variables
Journal Publication. We control the academic output of a professor throughout our analysis.
We measure research productivity with the average number of publications in listed journals
each year to reflect the performance evaluation process of the department. We include two
standards of research productivity in our analysis: A-tier publications and AB-tier publications
per year.11 A total of 1,521 academic publications in our dataset are manually collected from
11

The University distinguishes the quality of publications based on its journal classification list. According to the list, journals
considered during the evaluation process are classified into two-tier categories: A-tier for international SCI, EI, SSCI, A&HCI
journals, and domestic prestigious (quanwei) and core (hexin) journals, and B-tier for other peer-reviewed acknowledged
journals in the CSSCI system. SCI, EI, SSCI, and A&HCI stand for Science Citation Index, Engineering Index, Social Science
11

multiple sources, 12 into two groups, the A-tier group, and the AB-tier group. Then, we
calculate a professor’s A-tier publication per year by dividing the total number of A-tier
publications during one’s career by the years of service. Similarly, we compute each faculty
member's AB-tier journal publication per year. In our sample, the means of A-tier and AB-tier
publications per year are 1.265 and 2.084, while the standard deviations are 1.435 and 1.960,
respectively.
Ph.D. Alma mater. The higher ranks of doctoral universities correlate positively with better
promotion chances (Crane (1970)). It also affects the academic productivity of early-career
economists (García-Suaza, Otero, and Winkelmann (2020)). To control its direct and indirect
effects on a faculty’s tenure status, we include the ranks of graduation institutions relying on
the world university ranking of Claassen (2015) and classify the institutions into five categories:
Top 50, Top 100, Top 200, Top 400, and unranked.13
Research Fields. Tenure and promotion decisions can be restricted by quotas for each subfield
in the department. There are eight research fields in the department: insurance, economics,
international economics, Chinese economics, world economy, public economics, international
finance, and financial studies. The detailed information is retrieved from departmental websites.
Demographic Characteristics. Existing literature has identified a considerable gender gap in
tenure evaluation in economics (Ginther and Kahn (2004); Hamermesh (2013)), and the
existence of a beauty premium in performance evaluation (Mobius and Rosenblat (2006)).
Therefore, we include the gender information and the predicted facial beauty of the faculties in
our analysis. The facial beauty of each faculty member is estimated with the profile photos by
machine learning models developed by Liang et al. (2018). As a result, we obtained the

Citation Index, and Arts and Humanities Citation Index, respectively. These citation index systems cover internationally
notable and significant journals in specific disciplines. Likewise, the Chinese Social Sciences Citation Index (CSSCI) is a
Chinese counterpart of SSCI for domestic journals in the social science field.
12
We collect each faculty member’s publications on these journals from several sources, including Web of Science databases,
Scopus databases, the Chinese Journals Literature Database, and Curricula vitae. For the publications in English, we used both
Web of Science and Scopus databases which are the two most important bibliographic databases (Aghaei Chadegani et al.
(2013); Wang and Waltman (2016); Zhu and Liu (2020)), and cross-reference with the curriculum vitae of each faculty member
to reduce incorrect and missing information. We collected articles published in Chinese from the China Academic Journal
Network Publishing Database (CAJD) – the largest full-text Chinese academic journal database (Vaughan, Tang, and Yang
(2017)). We collect information of 298 English and 1,223 Chinese academic publications by 57 faculties with this method.
13
In this paper, we use the ranking of Claassen (2015), instead of Kalaitzidakis et al. (2003), which is commonly used in
economic research for two reasons. Firstly, the world institution ranking of Claassen (2015) covers more universities which is
beneficial for us to capture the ranking of lower-tiered Chinese universities. Secondly, it reflects the enhanced research qualities
of Chinese universities in recent years.
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predicted facial beauty on a 5-point scale with a mean of 2.816 and a standard deviation of
0.287.
Receiver’s Habits. Other than the traits of a giver (who clicks “likes”), existing studies have
shown that the receiver (being liked)’s habits in social media, such as the update frequency,
affect received feedback (Mehdizadeh (2010); Schöndienst and Dang-Xuan (2012); Bohn et al.
(2014); Hong, Chen, and Li (2017)). To capture subordinates’ responses to the dean’s posting
habit, we collect the dean’s posting frequency information by counting the time intervals
between two published WM posts. On average, the dean updated a new WM post every 2.438
days.
Table 1 summarizes the sources and descriptive statistics for the variables mentioned above.

[Insert Table 1 about here]

4. Empirical Strategies and Results
This section empirically estimates the impact of the tenure-and-promotion notification on likeclicking behavior on social media. The section comprises three parts. Section 4.1 adopts a
difference-in-differences (DID) approach to estimate our baseline results and validates the
comparability between treated and control groups through a balance check. Section 4.2 presents
the baseline estimation results and examines the parallel trends. Lastly, we delve into the
heterogeneous treatment effects across faculties via subgroup analysis and the changes-inchanges method in Section 4.3.

4.1 Identification Strategy
Our empirical strategy exploits a standard difference-in-differences (DID) design based on the
linear probability model to identify the impact of the tenure-and-promotion notification. We
compare the relative changes in the probability of clicking “likes” for the dean’s WM post
between tenure-track assistant and tenured faculties. The econometric specification is as
follows:

13

𝐿𝑖𝑘𝑒𝑖,𝑡,𝑝 = 𝛼 + 𝛽𝐴𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑡𝑖,𝑡 × 𝑃𝑜𝑠𝑡 𝐸𝑚𝑎𝑖𝑙𝑡,𝑝 + 𝛾𝑋′𝑖,𝑡,𝑝 + 𝛿𝑖 + 𝜑𝑡 + 𝜔𝑝 + ε𝑖,𝑡,𝑝 (1)

Specifically, i represents a faculty member, p corresponds to a post published on the dean’s
WM, and t refers to the date. The dependent variable 𝐿𝑖𝑘𝑒𝑖,𝑡,𝑝 is whether an individual i clicks
the like button for a post p on date t. The key independent variable is the interaction of two
dummies. The first dummy is 𝐴𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑡𝑖,𝑡 which equals 1 when an academic position of a
faculty member i is a tenure-track assistant professor at the time t. When a professor holds a
tenured position (associate or full professor), it takes the value of 0. The second dummy
𝑃𝑜𝑠𝑡 𝐸𝑚𝑎𝑖𝑙𝑡,𝑝 represents whether a post p on date t is published before or after the email
notification. It takes the value of 1 after faculty members receive an email notification in each
review cycle, i.e., from June 15th to the end of November. The equation also controls 𝑋′𝑖,𝑡,𝑝
which includes a set of variables such as academic productivity, ranks of Ph.D. institutions,
research fields, gender, predicted facial beauty, and WM posting frequency to capture minor
imbalances in individual characteristics. Finally, 𝛿𝑖 , 𝜑𝑡 , and 𝜔𝑝 are the individual, time and
WM post fixed effects, respectively. The coefficient of interest in Equation (1) is 𝛽 , the
interaction between two dummies 𝐴𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑡𝑖,𝑡 and 𝑃𝑜𝑠𝑡 𝐸𝑚𝑎𝑖𝑙𝑡,𝑝 . It captures the estimated
impact of the tenure-and-promotion notification on probabilities to click “likes” across faculties
with prior tenure-track assistant professor positions and who had not. We expect the coefficient
to be positive, which would suggest a greater increase in the probabilities of like-clicking
among faculties in the treated group.
Our identification strategy relies on a comparable parallel trend assumption between
treated and control groups. We use two empirical strategies to verify the comparability
assumption: (1) a balance check of controls prior to the email notification before regression;
and (2) a graphical parallel trend check after the regression. Therefore in Table 2, prior to the
regression, we compare all pre-notification covariates between the treatment and the control
groups. As shown in the table, all attributes – except for gender14 – are comparable between
untenured and tenured faculties, which paves the way for our DID analysis.

14

We provide the parallel trend of treatment and control group in Section 4.2. We also address the gender gap in Section 5.3.
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[Insert Table 2 about here]

4.2 Baseline Results
We report our baseline DID results in Table 3, where the four columns correspond to various
combinations of control variables and their interaction with time trends in the model. Column
1 controls individual and time fixed effects. In Column 2, we further control the WM post fixed
effect and the set of control variables introduced in Section 3.3. Subsequently, Column 3
includes the interactions between these control variables and quarter trends. Finally, in Column
4, we control all covariates interacted with post email dummy as the increased probability may
correlate with changes of control variables before and after the notification.
The estimation results throughout all four specifications are positive and statistically
significant, suggesting that the tenure-and-promotion notification significantly increases the
probability of clicking “likes” among tenure-track assistant professors relative to tenured
faculties. For instance, Column 1 shows a 2.4 percentage points increase in the probability of
clicking “likes” for assistant professors, which corresponds to a 15.6 percent increase from the
sample mean (0.151). Columns 2 to 4 show that the estimated treatment effects remain robust
even after controlling a series of covariates and their interactions with time trends. The
estimated treatment effects are statistically significant and are greater in magnitude, ranging
from 3.1 to 5.3 percentage points.

[Insert Table 3 about here]

Our identification strategy assumes no statistically significant differences in like-clicking
behaviors among assistant and tenured professors prior to the email notification. To test the
assumption, we conduct a month-by-month estimate of the difference in like-clicking
probabilities between the treatment and the control groups. The econometric specification is as
follows:
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+5

𝐿𝑖𝑘𝑒𝑖,𝑡,𝑝 = ∑ 𝛽𝜏 𝐴𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑡𝑖,𝑡 × 𝑀𝑜𝑛𝑡ℎ𝜏 + 𝛾𝑋 ′ 𝑖,𝑡,𝑝 + 𝛿𝑖 + 𝜑𝑡 + 𝜔𝑝 + ε𝑖,𝑡,𝑝

(2)

𝜏=−5

where the only difference from the former equation is that in Equation (2), we interact the
treatment variable with each of the month fixed effects (relative to June 15th, the date of tenureand-promotion notification through email) rather than the post-email indicator. We select the
month before the notification (May 15th – June 14th) as the reference group. The estimated 𝛽𝜏
points out the differences in probabilities of like-clicking behavior between the faculties in the
treated and the controlled groups at each month. If the email notification triggers career
advancement motives of tenure-track assistant professors, and therefore increases influence
activities using “likes”, then we would expect the estimated 𝛽𝜏 to be constant over time for
months before the department sends the email. We also expect the coefficients to increase
significantly as the faculties receive the email.
Figure 3 depicts the point estimates of 𝛽𝜏 in Equation (2) and their 95% confidence
intervals.15 The figure depicts a clear pattern of like-clicking during the review cycle. We find
no statistically significant difference between treated and control groups prior to the email
notification. However, after the notification, the probabilities of like-clicking behaviors in the
treatment group increase significantly. The increase happens in the first month since
notification and lasts for four months, until the sudden drop in the fifth month (November 15th
– December 14th). This pattern is consistent with our explanation based on the career
advancement motives because the statistically significant difference in like-clicking between
the two groups only appears during the review process and disappears quickly with the
announcement of results to the faculties around December 1st.16 Therefore, this result further
validates our DID specification and supports our premise that the like-clicking patterns did not
differ before the treatment.

[Insert Figure 3 about here]
15

Online Appendix Figure B1 compares our baseline specification in Equation (2) with the modified specification with flexible
time trends of controls. We can find parallel trend assumption holds in both cases.
16
The sudden drop in the probability of like-clicking and further decrease afterward may also partially reflect the
disappointment of not being promoted, thus the cease of influence activities.
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4.3 Faculty Heterogeneity
This section explores the faculty heterogeneous treatment effect focusing on two important
dimensions that potentially affect like-clicking behaviors. We first investigate whether likeclicking incentives differ across faculties with various academic productivities. We then
examine how user habits shape individuals’ tendency to click “likes”, using a change-inchanges strategy.

4.3.1 Academic Productivity
In academia, tenure and promotion decisions are primarily subject to a scholar’s academic
productivity. Based on journal publications, a candidate would expect the outcome of the tenure
decision, which in turn determines the degree of involvement in influence activities. We
hypothesize substitutability between academic productivity and influence activities.
Specifically, we believe professors who have lower journal publications involve in more likeclicking behaviors than their more productive colleagues to make up for the weakness in
research outputs.
To test our hypothesis, we split faculty members in our sample by the median into two
groups: one with lower academic productivity measured by A-tier publication. Similarly, we
split the records into two sub-samples based on total publication records (AB-tier publication).
In each classification, we re-estimate our baseline. Figure 4 plots the point estimates. The
vertical dashed line indicates the baseline estimation result of Column 3 in Table 3. Panel A
illustrates that the probabilities of like-clicking behavior surge for faculties with below-average
leading journal publications. Meanwhile, subgroups of faculties with above-average leading
publications exhibit no statistically significant incentives in excess like-clicking. As shown in
Panel B, the results are similar but are more polarized when evaluated by total publications.
The results align with our hypothesis that influence activities and academic productivity feature
substitutability.

[Insert Figure 4 about here]
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4.3.2 User Preferences
User preferences may also shape the decisions to click “likes”. Echoing the literature, we
hypothesize that those who click “likes” frequently during the pre-notification period may tend
to click more “likes” afterward, either due to user habits out of path dependence (Sydow,
Schreyögg, and Koch (2009)), or due to learning-by-doing motives that frequent users deem
conducting influence activities on social media more effective (Thompson (2012)). To isolate
this effect, we employ the changes-in-changes (CIC) method introduced by Athey and Imbens
(2006). The CIC estimation is a generalized non-parametric version of DID estimation. Instead
of comparing means changes as in a DID estimation, CIC computes the entire counterfactual
distribution and estimates treatment effects in each quantile. Since the treatment effect at each
quantile is estimated from the comparable pre-treatment outcome values between the treated
and the control groups, it allows us to investigate the heterogeneous treatment effects across
different tendencies to click “likes” based on the pre-notification observations of like-clicking
behaviors.
We estimate the impacts of notification on various quantiles of the overall probabilities of
like-clicking distribution, including assistant professors and their tenured colleagues. Figure 5
displays the CIC estimates of the email notification on probabilities to click “likes”. The
distributional estimates show that the treatment effect below the median is small and
statistically indistinguishable from zero. However, at higher quantiles, we find the results are
consistently positive. Specifically, frequent users – those who rank around eightieth percentiles
– have a significant boost in like-clicking probability by 57.1 percentage points. Overall, our
results support the hypothesis that frequent users of WM like-clicking tend to employ their
familiar approach to conduct influence activities.

[Insert Figure 5 about here]

5. Robustness Checks
This section provides five robustness checks to demonstrate that our results are not driven by
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alternate factors such as content heterogeneity, social ties, gender differences, career prospects,
or other individual-level changes.

5.1 Content Heterogeneity
Apart from the senders, the contents of the posts also drive like-clicking behaviors (Sumner et
al. 2018). For instance, a post with work-related content attracts professional attention, while
lifestyle-related content reflects personal and sentimental exchanges (Zhu and Miao (2021)).
Given the career advancement motives of influence activities, we hypothesize more likeclicking behaviors for assistant professors on profession-related posts.17
To test the hypothesis, we classify WM posts in our sample into three categories based on
their content types. First, Work-related posts cover events in the university and the department,
such as admission and graduation ceremonies, notices for lectures and meetings, and university
ranking updates. Next, Opinion posts contain the dean’s opinions on contemporary economic
issues or academic topics. Lastly, Personal life posts are about the dean’s friends, family
members, and other miscellaneous personal matters. As a result, we obtain 148 Work-related
posts, 79 Opinion posts, and 60 Personal life posts from our sample. In each classification of
content types, we re-estimate our baseline.
Table 4 reports the DID estimation results in each subsample. The estimation results in
Columns 1 and 2 describe the probabilities to click “likes” of tenure-track assistant professors
significantly increase in Work-related and Opinion posts compared to their tenured colleagues
after the notification. However, the difference in like-clicking vanishes regarding WM posts of
Personal life, as shown in Column 3. These results corroborate our argument that the increase
in like-clicking probabilities for junior faculties is mainly driven by the influence activities
with career motives.

[Insert Table 4 about here]
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In addition to signaling one’s work ethics, faculties also have incentives to conform to the dean’s opinions for career
advancement (Prendergast (1993)).
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5.2 Social Ties
Our baseline results are robust after controlling for individual, date, and WM post fixed effects.
However, social ties between liked and liker can also affect like-clicking behaviors (Lewis and
West (2009); Chin, Lu, and Wu (2015)). Moreover, social ties are key drivers of favoritism and
thus tenure decisions and promotions (Zinovyeva and Bagues (2015)), which may
systematically bias the baseline results. To address this concern, we collect three dummies that
reflect connections between the dean and faculties and conduct robustness checks. First, we
collect information on faculty collaboration: being a coauthor of the dean gives an individual
an opportunity to improve relationships during research and makes the dean overrate the
importance of their research (Acemoglu, Yang, and Zhou (2021)). Specifically, we define a
dummy variable, Coauthor, to indicate whether a faculty has published research papers with
the dean.
Second, we collect information on the spatial distance between the dean’s office and the
faculties: the closer the spatial distance between the offices, the more chances the two
individuals have more effective communications (Zahn (1991)) and, thus, better relationshipbuilding (Khazanchi et al. (2018)). Specifically, we define a dummy variable, Office Floor, to
indicate whether a subordinate’s office is located on the same floor as the dean.
Lastly, shared education experience has been proved to have profound benefits, especially
in China (Fisman et al. (2020)), which enhances trust and thus higher performance evaluations.
Specifically, we define a dummy variable, University Tie, to indicate whether the dean and a
faculty received their doctoral degrees from the same university.
Table 5 reports estimation results. The interaction terms between different types of social
ties and quarter trends capture the development of the relationship. Column 1 reports the
baseline as in Table 3, and Columns 2-4 add in each control, respectively. Column 5 considers
all three controls. Each control variable is included as an interaction with quarter trends to
reflect the dean's and faculty's changing relations. As shown, the baseline results remain robust
across all columns. Furthermore, in Columns 2-4, each of the three social ties controls is
negatively correlated with like-clicking behaviors. In Column 5, when all three social ties are
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considered, the adverse effects from two of the three remain significant.18 This is consistent
with the substitutability within influence activities: when the faculties have alternate
approaches to involve in influence activities, their incentives to engage in like-clicking
behaviors shrink. Relatedly, closer social ties also imply better information: if the evaluator is
better informed about the faculties' ability, then the faculties have no urge to impress the boss
through influence activities.

[Insert Table 5 about here]

5.3 Gender Sample Selection
Existing literature has revealed gender differences in like-clicking behavior (Berger et al.
(2014); Hong, Chen, and Li (2017)). Meanwhile, as described in Table 2, there is a nonnegligible gender gap between untenured assistant professors and their tenured colleagues,
which may bias our results. This section addresses these concerns following the propensity
score weighting method proposed by Hirano and Imbens (2001) and Hirano, Imbens, and
Ridder (2003).
We proceed in three steps. First, we use a probit model to estimate the probability of having
a tenure-track assistant professor position (treatment group) based on all the observable
covariates. Next, we drop the faculties not in the common support of the propensity scores to
exclude incomparable samples and alleviate the imbalance of treatment and control groups.
Finally, we re-weigh the faculties with their estimated propensity score. Online Appendix Table
B2 compares the two groups before and after the weighting adjustment. Column 2 shows the
gender differences turned statistically insignificant after the new sample selection, which
implies that the imbalance problem in gender is alleviated. Table 6 presents the results before
and after sample selection through propensity score matching. As shown in Column 2, our
baseline estimation remains robust.

[Insert Table 6 about here]
18

In Online Appendix Table B1, we provide estimation results with flexible time trends, which strengthen the results.
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5.4 Career Prospects
The baseline estimation utilizes the tenure status to differentiate career prospects. Similarly,
one may expect the career incentives to continue to play a role in influence activities with
additional room for promotions (Inderst, Müller, and Wärneryd (2005)). Next, we further
differentiate the career prospects with whether the faculty holds a full professor’s position –
we expect both assistant and associate professors to click more “likes” on social media during
the evaluation periods, since they both have something to gain. Specifically, we test the
hypothesis using the following specification:

𝐿𝑖𝑘𝑒𝑖,𝑡,𝑝 = 𝛼 + 𝛽𝐴𝑑𝑣𝑎𝑛𝑐𝑒𝑚𝑒𝑛𝑡𝑖,𝑡 × 𝑃𝑜𝑠𝑡 𝐸𝑚𝑎𝑖𝑙𝑡,𝑝 + 𝛾𝑋′𝑖,𝑡,𝑝 + 𝛿𝑖 + 𝜑𝑡 + 𝜔𝑝 + 𝜀𝑖,𝑡,𝑝 (3)

All the settings are equal to our main DID specifications, except that assistant and associate
professors belong to the treatment group, whereas full professors are classified as the control
group. Table 7 reports the results. Consistent with our baseline, faculties with higher career
prospects click significantly more “likes” than the full professors who have already reached
the last rung of the academic ladder (Column 1). The results are robust across a series of
controls (Columns 2-4). Online Appendix Figure B2 further provides a parallel trend test for
Column 3 of Table 7 to guarantee that the treatment and control groups are comparable.
In a nutshell, the results confirm that the like-clicking behaviors are driven by career
incentives instead of tenure-specific motivations. This feature increases the external validity of
our results not only apply to tenure-specific career transitions, such as full-time interns and
contract workers, but also apply to generic career incentives in a broad range of hierarchical
organizations.

[Insert Table 7 about here]

5.5 Individual-level Changes
Finally, we conduct a placebo test to confirm that our results are not driven by individual-level
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changes among faculties other than the tenure-and-promotion notification. Specifically, we
assign administrative staffs as a placebo group because they are not impacted by tenure and
promotion appraisal for teaching faculty. In addition, the dean is not involved in their promotion,
and thus they lack the incentives to use influence activities on the dean.
We run placebo tests based on these staffs and see no increase in like-clicking behaviors
following email notification of tenure-and-promotion evaluation. Results in Table 8 indicate
that the staff’s probability of clicking “likes” after notification is negative and statistically
significant compared to tenured faculties, but statistically indistinguishable from zero when
compared to full professors. Panel A and B of Figure 6 illustrate these trends. These results add
to the evidence that career advancement is the primary motive for influence activities, by
manifesting the faculty reduce like-clicking as their position gets higher and eventually
indistinguishable from staffs without career incentives. It also demonstrates that our findings
are not driven by individual-level changes other than the department's notification.

[Insert Table 8 about here]

[Insert Figure 6 about here]

6. Discussion and Conclusion
Influence activities are pervasive in modern organizations, but few empirical studies are
available due to measurement challenges. This paper directly measures those activities with the
“like” function in social media. We focus on different like-clicking behavior of tenure-track
assistant professors and their tenured colleagues to the dean’s social media posts. The analysis
reveals three main findings. Firstly, we found that assistant professors increase like-clicking
behavior significantly greater than their colleagues after the notification regarding tenure and
promotion evaluations. Secondly, faculties with lower academic productivity are more
proactive users of influence activities. Finally, the treatment effect is greater for assistant
professors who were frequent users of like-clicking before the notification.
Two important managerial implications arise from these findings. First, our empirical
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results represent the pervasive influence activities outside the office. Our finding highlights
substantial and imminent career concerns as an essential origin of influence activities.
Moreover, “likes” in social media serve as a gateway for further influence activities, given that
people are prone to communicate more with the same partners both in real-life and on social
media (Haythornthwaite (2002); Vitak (2014)).
Second, during the recent pandemic, social interactions in virtual environments have been
under the spotlight. The COVID-19 crisis accelerated the transition from office to remote work
(Choudhury, Foroughi, and Larson (2021)). Many organizations use social media more actively
for work-related purposes in this process. This paper thus points to an often overlooked aspect
in remote working, that subordinates may more proactively choose social media as a substitute
channel for influence activities, especially when in-person communication channels are closed,
Despite our best efforts to have checked the validity of our estimation strategy with a
number of robustness checks, we acknowledge that several limitations temper the contributions
of the current study. First, our results can be sharpened if we have access to more detailed
micro-data of faculties, such as the usage time, response time, individual posts, and their likeclicking patterns for non-dean posts. Another limitation of our study is our sample size. The
external validity of the results can be further strengthened if the scale of future research extends
to multiple departments in universities or other organizations. Regarding other academic
disciplines, we expect influence activities to be more pervasive in disciplines where journal
acceptance is more challenging, and for lower-ranked universities where objective evaluations
are often insufficient in personnel decisions.
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Figures

Figure 1. Faculty Recruitment/Promotion Decision Process of the Department
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Figure 2. Average Number of Likes per WeChat Moment Posts by Month
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Figure 3. Parallel Trend of Probabilities to Click “Likes”
Notes: This figure plots the differences in the probability of clicking “likes” between tenure-track assistant and tenured
professors before and after the tenure-and-promotion email notification. The marker represents point estimate and capped
vertical lines indicate 95% confidence intervals of coefficients 𝛽𝜏 of Equation 2 at each given month. The dashed vertical line
represents the treatment date of the email notification. The periods are grouped every month relative to June 15th (i.e., -1
represents the May 15th – June 14th period, 1 represents the July 15th – August 14th period). We set a month before the email
notification (May 15th – June 14th period) as a reference group. The regression considers individual fixed effects, time fixed
effects, WeChat Moment fixed effects, controls introduced in Section 3.3 and their interactions with quarterly linear time trends.
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Figure 4. Effects of the Email Notification on Like-clicking Behavior by Sub-samples
Note: Panel A classifies faculty in our sample into two groups (above or below median) with the standard of prestigious (Atier) publications. Similarly, Panel B classifies the same faculty with total (AB-tier) publications. The marker and dashed
horizontal line represent point estimate and 95% confidence intervals of coefficient 𝛽 in Equation 1 at each subgroup,
respectively. The solid vertical line indicates zero, while the dashed vertical line corresponds to the coefficient from baseline
estimation in Table 3 Column 3. All regressions consider individual fixed effects, time fixed effects, WeChat Moment fixed
effects, controls introduced in Section 3.3 and their interactions with quarterly linear time trends.
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Figure 5. Heterogeneity in Treatment Effects by Quantile, CIC Model
Note: Notice that Quantile Effect (QE) reports bounds(Lower and Upper bounds) for the CIC estimator rather than point
estimate since the CIC method does not yield point estimates for the discrete outcome case. Standard errors are calculated by
bootstrapping the original sample for 1000 times
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Panel A. Admin. Staffs vs. Tenured Prof.

Panel B. Admin. Staffs vs. Full Prof.

Figure 6. Parallel trends for placebo tests
Notes: Panel A plots the differences in the probability of clicking “likes” between administrative staffs versus tenured faculty
members, and similarly, Panel B compares administrative staffs with full professors. The marker represents point estimate and
capped vertical lines indicate 95% confidence intervals of coefficients 𝛽𝜏 of Equation 2 but with placebo dummies at each
given month. The dashed vertical line represents the treatment date of the email notification. The periods are grouped every
month relative to June 15th (i.e., -1 represents the May 15th – June 14th period, 1 represents the July 15th – August 14th period).
We set a month before the email notification (May 15th – June 14th period) as a reference group. The regression considers
individual fixed effects, time fixed effects, WeChat Moment fixed effects, controls for gender and WM posting frequency,
interactions of controls and quarterly linear time trend.
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Tables
Table 1. Data sources and summary statistics
Source
Observations
Mean

Variable
Dependent Variable
Like
Key Independent Variables
Assistant
Post email
Assistant × Post Email
Control Variables
A-tier Publication
AB-tier Publication
PhD rank (Top 50)
PhD rank (Top 50-100)
PhD rank (Top 100-200)
PhD rank (Top 200-400)
PhD rank (Unranked)
Insurance
Economics
International Economics
Chinese Economics
World Economy
Public Economics
International Finance
Fiancial Studies
Gender (Male=1)
Beauty
WM Posting Frequency

Supplements
Coauthor of Dean
Office at the Same Floor
University Tie

SD

A

22,099

0.136

0.343

B
A
E

16,212
22,099
16,212

0.274
0.453
0.126

0.446
0.498
0.332

C,D
C,D
C
C
C
C
C
B
B
B
B
B
B
B
B
B
B
A

15,308
15,882
16,212
16,212
16,212
16,212
16,212
16,359
16,359
16,359
16,359
16,359
16,359
16,359
16,359
22,099
16,359
22,022

1.265
2.084
0.195
0.071
0.522
0.053
0.159
0.018
0.246
0.088
0.211
0.123
0.105
0.123
0.088
0.558
2.816
2.402

1.435
1.960
0.396
0.257
0.500
0.224
0.366
0.131
0.430
0.283
0.408
0.328
0.307
0.328
0.283
0.497
0.287
2.279

C,D
B
C

16,359
16,359
16,359

0.246
0.158
0.351

0.430
0.365
0.477

Notes: Source A: WM posts B: Official Website of the Department, C: Curriculum Vitae, D: CNKI and WoS, E: Author’s
calculation
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Table 2. Balance test: pre-treatment period
Assistant
Tenured
Variable
(1)
(2)
Like
0.185
0.138
(0.248)
(0.212)
A-tier Publication
1.209
1.265
(2.229)
(1.076)
AB-tier Publication
1.622
2.228
(2.969)
(1.578)
PhD rank Top 50
0.235
0.175
(0.437)
(0.385)
PhD rank Top 50-100
0.118
0.050
(0.332)
(0.221)
PhD rank Top 100-200
0.471
0.550
(0.514)
(0.504)
PhD rank Top 200-400
0.059
0.050
(0.243)
(0.221)
PhD rank Unranked
0.118
0.175
(0.332)
(0.385)
Insurance Economics
0.059
0.000
(0.243)
(0.000)
Economics
0.235
0.250
(0.437)
(0.439)
International Economics
0.059
0.100
(0.243)
(0.304)
Chinese Economics
0.176
0.225
(0.393)
(0.423)
World Economics
0.059
0.150
(0.243)
(0.362)
Public Economics
0.118
0.100
(0.332)
(0.304)
International Finance
0.235
0.075
(0.437)
(0.267)
Financial Economics
0.059
0.100
(0.243)
(0.304)
Gender (Male=1)
0.412
0.800
(0.507)
(0.405)
Beauty
2.828
2.811
(0.202)
(0.322)
WM Posting Gap
2.321
2.323
(0.000)
(0.019)
Notes:

Difference
(1) – (2)
0.047
(0.222)
-0.056
(1.505)
-0.606
(2.081)
0.06
(0.398)
0.068
(0.258)
-0.079
(0.504)
0.009
(0.225)
-0.057
(0.368)
0.059
(0.132)
-0.015
(0.434)
-0.041
(0.285)
-0.049
(0.411)
-0.091
(0.331)
0.018
(0.310)
0.160
(0.331)
-0.041
(0.285)
-0.388**
(0.469)
0.017
(0.290)
-0.003
(0.016)

*, **, and *** denote significance at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table 3. Email notification and like-clicking behavior: baseline estimates
Probabilities of Clicking Likes
(1)
(2)
(3)
(4)
Assistant × Post Email
0.024**
0.031***
0.036***
0.053***
(0.010)
(0.010)
(0.010)
(0.012)
Constant
0.162***
0.199***
0.432***
0.247***
(0.003)
(0.022)
(0.131)
(0.062)
Controls
Controls × Quarter trend
Controls × Post Email
Individual FE
Time FE
WM Posts FE
Observations
R-squared

No
No
No
Yes
Yes
No
16,212
0.424

Yes
No
No
Yes
Yes
Yes
15,109
0.431

Yes
Yes
No
Yes
Yes
Yes
15,109
0.435

Yes
No
Yes
Yes
Yes
Yes
15,109
0.434

Notes: The sample for baseline analysis consists of 57 faculty members in the Department during two tenure-and-promotion
evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty clicked “like” under their dean’s WM
post. Assistant is a treatment dummy that indicates if one has a tenure-track assistant professor position at the time of likeclicking. Post Email is an indicator that equals one after the Department sends a mass email notification of the appraisal cycle
to its faculty members on June 15th. The controls include two types of journal publication records, dummies for research fields,
an indicator for gender, a predicted value of facial beauty, the dean’s WM posting frequency and their interactions with different
types of time trends in Columns 3-4. Regressions also consider fixed effects for individual, time and WM posts. *, **, and ***
denote significance at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table 4. Email notification and like-clicking behavior: by content heterogeneity
Probabilities of Click Likes
Work-related
Opinion
Personal life
(1)
(2)
(3)
0.037**
0.045**
0.015
Assistant × Post Email
(0.015)
(0.021)
(0.022)
0.675***
0.094
0.347
Constant
(0.178)
(0.277)
(0.285)
Controls
Controls × Quarter trend
Individual FE
Time FE
WM Posts FE
Observations
R-squared

Yes
Yes
Yes
Yes
Yes
7,744
0.441

Yes
Yes
Yes
Yes
Yes
4,191
0.434

Yes
Yes
Yes
Yes
Yes
3,174
0.454

Notes: The table reports how baseline estimation result differs across three types of WM contents: Work-related, Opinion, and
Personal life. The sample for analysis consists of 57 faculty members in the Department during two tenure-and-promotion
evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty clicked “like” under their dean’s WM
post. Assistant is a treatment dummy that indicates if one has a tenure-track assistant professor position at the time of likeclicking. Post Email is an indicator that equals one after the Department sends a mass email notification of the appraisal cycle
to its faculty members on June 15th. The controls include two types of journal publication records, dummies for research fields,
an indicator for gender, a predicted value of facial beauty, the dean’s WM posting frequency and their interactions with a
quarterly linear time trend. Regressions also consider fixed effects for individual, time and WM posts. *, **, and *** denote
significance at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table 5. Email notification and like-clicking behavior: additional controls for social ties
Probabilities of Click Likes
(1)
(2)
(3)
(4)
(5)
Assistant × Post Email
0.036*** 0.036*** 0.036*** 0.035*** 0.035***
(0.010)
(0.010)
(0.010)
(0.010)
(0.010)
Coauthor × Quarter trend
-0.012***
-0.005
(0.003)
(0.004)
Office Floor × Quarter trend
-0.012***
-0.013***
(0.004)
(0.004)
University Tie × Quarter trend
-0.013*** -0.013***
(0.004)
(0.004)
Constant
0.432*** 0.395*** 0.491*** 0.422*** 0.466***
(0.131)
(0.131)
(0.132)
(0.130)
(0.132)
Controls
Controls × Quarter trend
Individual FE
Time FE
WM Posts FE
Observations
R-squared

Yes
Yes
Yes
Yes
Yes
15,109
0.435

Yes
Yes
Yes
Yes
Yes
15,109
0.435

Yes
Yes
Yes
Yes
Yes
15,109
0.435

Yes
Yes
Yes
Yes
Yes
15,109
0.435

Yes
Yes
Yes
Yes
Yes
15,109
0.436

Notes: The table reports how baseline estimation results differ after controlling different types of social ties between the dean
and faculty members. The sample for analysis consists of 57 faculty members in the Department during two tenure-andpromotion evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty clicked “like” under their
dean’s WM post. Assistant is a treatment dummy that indicates if one has a tenure-track assistant professor position at the time
of like-clicking. Post Email is an indicator that equals one after the Department sends a mass email notification of the appraisal
cycle to its faculty members on June 15th. The controls include two types of journal publication records, dummies for research
fields, an indicator for gender, a predicted value of facial beauty, the dean’s WM posting frequency, an indicator for dean’s
coauthor, an indicator for faculty whose office is located at the same floor of the dean’s office, an indicator who received Ph.D.
from the same institution to the dean, and their interactions with a quarterly linear time trend. *, **, and *** denote significance
at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table 6. Email notification and like-clicking behavior: after weighting
Probabilities of Click Likes
Unweighted
Weighted
(1)
(2)
Assistant × Post Email
0.035***
0.057***
(0.010)
(0.011)
Constant
0.466***
0.651**
(0.132)
(0.316)
Controls
Controls × Quarter trend
Individual FE
Time FE
WM Posts FE
Observations
R-squared

Yes
Yes
Yes
Yes
Yes
15,109
0.436

Yes
Yes
Yes
Yes
Yes
12,249
0.306

Notes: The table reports how baseline estimation results differ after correcting possible sample selection bias using propensity
score weighting. The sample for analysis consists of 57 faculty members in the Department during two tenure-and-promotion
evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty clicked “like” under their dean’s WM
post. Assistant is a treatment dummy that indicates if one has a tenure-track assistant professor position at the time of likeclicking. Post Email is an indicator that equals one after the Department sends a mass email notification of the appraisal cycle
to its faculty members on June 15th. The controls include two types of journal publication records, dummies for research fields,
an indicator for gender, a predicted value of facial beauty, the dean’s WM posting frequency, an indicator for dean’s coauthor,
an indicator for faculty whose office is located at the same floor of the dean’s office, an indicator who received Ph.D. from the
same institution to the dean, and their interactions with a quarterly linear time trend. *, **, and *** denote significance at the
10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table 7. Email notification and like-clicking behavior: definition of career prospect
Probabilities of Click Likes
(1)
(2)
(3)
(4)
Advancement × Post Email
0.036***
0.031***
0.037***
0.064***
(0.009)
(0.009)
(0.009)
(0.013)
Constant
0.157***
0.189***
0.440***
0.285***
(0.003)
(0.023)
(0.132)
(0.063)
Controls
Controls × Quarter Trend
Controls × Post Email
Individual FE
Time FE
WM Posts FE
Observations
R-squared

No
No
No
Yes
Yes
No
16,212
0.424

Yes
No
No
Yes
Yes
Yes
15,109
0.431

Yes
Yes
No
Yes
Yes
Yes
15,109
0.436

Yes
No
Yes
Yes
Yes
Yes
15,109
0.434

Notes: The table reports how baseline estimation result differs after changing proxy for career prospect from tenure to room
for additional promotion. The sample for analysis consists of 57 faculty members in the Department during two tenure-andpromotion evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty clicked “like” under their
dean’s WM post. Promotion Availability is a treatment dummy that indicates if a professor has further room for promotion at
the time of like-clicking. Post Email is an indicator that equals one after the Department sends a mass email notification of the
appraisal cycle to its faculty members on June 15th. The controls include two types of journal publication records, dummies for
research fields, an indicator for gender, a predicted value of facial beauty, the dean’s WM posting frequency, an indicator for
dean’s coauthor, an indicator for faculty whose office is located at the same floor of the dean’s office, an indicator who received
Ph.D. from the same institution to the dean, and their interactions with a quarterly linear time trend. *, **, and *** denote
significance at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table 8. Email notification and like-clicking behavior: placebo test with admin. staffs
Probabilities of Click Likes
Tenured Professors
Full Professors
(1)
(2)
(3)
(4)
Administrative Staff × Post Email
-0.024*** -0.025***
-0.012
-0.013
(0.008)
(0.009)
(0.009)
(0.009)
Constant
0.131***
0.129***
0.124***
0.121***
(0.002)
(0.004)
(0.003)
(0.005)
Controls
Controls × Quarter Trend
Individual FE
Time FE
WM Posts FE
Observations
R-squared

No
No
Yes
Yes
No
17,514
0.400

Yes
Yes
Yes
Yes
Yes
17,454
0.401

No
No
Yes
Yes
No
13,489
0.383

Yes
Yes
Yes
Yes
Yes
13,442
0.385

Notes: The table reports the results of placebo tests based on administrative staffs. The sample for analysis consists of 63
tenured faculty and staff members in Columns 1-2 and 48 full professors and staffs in Columns 3-4 during two tenure-andpromotion evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty or staff clicked “like”
under their dean’s specific WM post. Administrative Staff is a placebo dummy that indicates whether an employee has an
administrative staff position at the time of like-clicking. Post Email is an indicator that equals one after the Department sends
a mass email notification of the appraisal cycle to its faculty members on June 15th. As there are insufficient personnel data
available for administrative staffs, controls in this table only include an indicator for gender, WM posting frequency, and their
interactions with a quarterly linear time trend. *, **, and *** denote significance at the 10%, 5%, and 1%, respectively. Standard
errors are presented in parentheses.
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Online Appendix A. How User Feedback Functions Work on
WeChat Moment
This section offers detailed background on WeChat Moment (WM) and its feedback function.
As we have explained in Section 2.1, WM is the social networking function of a messenger
application WeChat. Panel A of Figure A1 below shows how a user can access the WM feed in
WeChat. Users can easily use WM by selecting the “Moments” button at ① from the
“Discovery” category on the navigation bar in WeChat. It is unnecessary to install an additional
application for social media purposes, facilitating WeChat users to use WM.
Panel B in Figure A1 plots the WM news feed. WM newsfeed shows status updates
published by his/her WeChat friends. The ② WM News Feed marks where friends’ WM posts
are shown in chronological order, with the newest first. Contents of a WM Post are briefly
displayed in ③. A WM post may contain text, photos, videos, or share links from other sources.
“Like” and “Comment” buttons pop up as a user clicks the feedback button ④ on the lower
right corner of the post.
When a WM post in the news feed is selected, the social media turns into a page with
detailed information about the post as Panel C of Figure A1. ⑤ and ⑥ indicate the profile
picture and name of the user who updated the current post, respectively. ⑦ illustrates the popup window previously mentioned on ④. ⑧ shows profile pictures of WeChat friends who
clicked “Like” on this WM post. Finally, ⑨ displays the social media friends who left
comments on the WM post and their comments.
A feature worth noting of WM is its access control policy. The exclusion policy secures
the private nature of social media by confining the information diffusion among acquaintances.
WM posts are viewable only to the WeChat friends of the publisher. Moreover, a WM user can
only see the feedback (i.e., likes or comments) from the mutual friends between the publisher
and himself/herself. Figure A2 delineates this by presenting two screenshots of the same post
taken simultaneously. The WM post received 15 likes in total, as shown in Panel A, but in Panel
B, only 5 likes are viewable since A (the publisher), and B (a friend of A’s) have 5 mutual friends
who clicked likes on the WM post.

46

Panel A. WeChat

Panel B. WeChat Moment

Panel C. WM Post

Figure A1. How User Feedback Functions Work on WeChat Moment
Notes: Note that images presented in Figure A1 are only used for reference. Actual WM posts published by the dean of the
Department are not attached because of confidentiality.
Source: Official blog of WeChat Moment19

19

https://blog.wechat.com/2015/06/12/tech-tip-your-guide-to-wechat-moments/
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Panel A. Person A
(Publisher of the WM Post)

(B) Panel B. Person B
(Person A’s WeChat Friend)

Figure A2. Access Control Policy of WeChat Moment
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Online Appendix B: Supplementary Tables

Figure B1. Parallel trend test with different time trends
Notes: This figure compares the differences in probability to click “likes” between tenure-track assistant versus tenured
professors before and after the tenure-and-promotion email notification, including different types of time trends. The
rectangular and triangular markers represent point estimate and capped vertical lines indicate 95% confidence intervals of
coefficients 𝛽𝜏 of Equation 2 at each given month. The dashed vertical line represents the treatment date of the email
notification. The periods are grouped every month relative to June 15th (i.e., -1 represents the May 15th – June 14th period, 1
represents the July 15th – August 14th period). We set a month before the email notification (May 15th – June 14th period) as a
reference group. Both regressions consider individual fixed effects, time fixed effects, WeChat Moment fixed effects, controls
introduced in Section 3.3 and their interactions with time trends. The blue line with rectangular marker plots regression result
with quarterly linear time trend, while the red line with triangular marker depicts regression result with interactions of controls
with Post Email dummy.
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Figure B2. Parallel trend after propensity score weighting
Notes: This figure plots the differences in the probability of clicking “likes” between tenure-track assistant versus tenured
professors before and after the tenure-and-promotion email notification when corrected by the propensity score weighting
method. The marker represents point estimate and capped vertical lines indicate 95% confidence intervals of coefficients 𝛽𝜏
of Equation 2 at each given month. The dashed vertical line represents the treatment date of the email notification. The periods
are grouped every month relative to June 15th (i.e., -1 represents the May 15th – June 14th period, 1 represents the July 15th –
August 14th period). We set a month before the email notification (May 15th – June 14th period) as a reference group. The
regression considers individual fixed effects, time fixed effects, WeChat Moment fixed effects, controls introduced in Section
3.3, and supplement controls for social ties and their interactions with quarterly linear time trends.
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Table B1. Email notification and like-clicking behavior: additional controls for social ties
Probabilities of Click Likes
(1)
(2)
(3)
(4)
(5)
Assistant × Post Email
0.053*** 0.051*** 0.051*** 0.051*** 0.048***
(0.012)
(0.012)
(0.012)
(0.012)
(0.012)
Coauthor × Post Email
-0.019
-0.004
(0.014)
(0.016)
Office Floor × Post Email
-0.027*
-0.030*
(0.016)
(0.016)
University Tie × Post Email
-0.030** -0.032**
(0.015)
(0.016)
Constant
0.247*** 0.239*** 0.262*** 0.243*** 0.257***
(0.062)
(0.062)
(0.063)
(0.062)
(0.063)
Controls
Controls × Post Email
Individual FE
Time FE
WM Posts FE
Observations
R-squared

Yes
Yes
Yes
Yes
Yes
15,109
0.434

Yes
Yes
Yes
Yes
Yes
15,109
0.434

Yes
Yes
Yes
Yes
Yes
15,109
0.434

Yes
Yes
Yes
Yes
Yes
15,109
0.434

Yes
Yes
Yes
Yes
Yes
15,109
0.434

Notes: The table reports how baseline estimation results differ after controlling different types of social ties between the dean
and faculty members. The sample for analysis consists of 57 faculty members in the Department during two tenure-andpromotion evaluation cycles in 2019 and 2020. The dependent variable is whether a specific faculty clicked “like” under their
dean’s WM post. Assistant is a treatment dummy that indicates if one has a tenure-track assistant professor position at the time
of like-clicking. Post Email is an indicator that equals one after the Department sends a mass email notification of the appraisal
cycle to its faculty members on June 15th. The controls include two types of journal publication records, dummies for research
fields, an indicator for gender, a predicted value of facial beauty, the dean’s WM posting frequency, an indicator for dean’s
coauthor, an indicator for faculty whose office is located at the same floor of the dean’s office, an indicator who received Ph.D.
from the same institution to the dean, and their interactions with a Post Email dummy variable to control flexible time trend. *,
**, and *** denote significance at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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Table B2. Balance test: pre-treatment period before and after weighting
(1)
(2)
Whole
Whole
Variable
(Unweighted)
(Weighted)
Like
0.047
-0.016
(0.222)
(0.203)
Level-A Publication
-0.056
0.193
(1.505)
(1.559)
Level-AB Publication
-0.606
-0.478
(2.081)
(2.167)
PhD rank Top 50
0.060
0.028
(0.398)
(0.405)
PhD rank Top 50-100
0.068
-0.056
(0.258)
(0.208)
PhD rank Top 100-200
-0.079
-0.028
(0.504)
(0.499)
PhD rank Top 200-400
0.009
0.000
(0.225)
(0.000)
PhD rank Others
-0.057
0.056
(0.368)
(0.387)
Insurance
0.059
0.000
(0.132)
(0.000)
Economics
-0.015
-0.056
(0.434)
(0.447)
International Economics
-0.041
0.028
(0.285)
(0.288)
Chinese Economics
-0.049
-0.028
(0.411)
(0.435)
Institute of World Economy
-0.091
-0.028
(0.331)
(0.344)
Public Economics
0.018
0.028
(0.310)
(0.288)
International Finance
0.160
0.139
(0.331)
(0.318)
Insitute for Fiancial Studies
-0.041
-0.083*
(0.285)
(0.252)
Gender (Male=1)
-0.388**
-0.083
(0.469)
(0.367)
Beauty
0.017
0.048
(0.290)
(0.311)
WM posting Gap
-0.003
-0.003
(0.016)
(0.018)
Coauthor
-0.099
-0.083
(0.434)
(0.458)
Office Floor
-0.141
-0.083
(0.368)
(0.387)
University Tie
-0.165
-0.194
(0.481)
(0.490)
Notes: *, **, and *** denote significance at the 10%, 5%, and 1%, respectively. Standard errors are presented in parentheses.
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